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Summary: Through the use of new information and management technology resources as support tools to public 
and private decision systems and planning in tourism, the IMPACTUR methodology is developed since 2005 by 
a multidisciplinary research group of the International Centre of Territory and Tourism Research of the 
University of Algarve, with contributions from tourism, regional economics, econometrics, marketing, systems 
engineering and other scientific areas. As a partnership with the Portuguese Tourism Board (Turismo de 
Portugal, IP), the aim of the project is to promote and disseminate the scientific region-based knowledge, 
through data-analysis systems and comprehensive and comparable outputs. These systems are based on the 
regular and official statistic production, from which IMPACTUR develops new routines and methods of 
analysis, adding value to information and interpretation.  
 
Actually the IMPACTUR reports (available at Portuguese and English language at www.impactur.pt) consists in 
a dynamic process, that generate a set of regular and region-based (NUT II) online reports for the 7 
regions/destinations of Portugal, which contain fixed and variable quarterly analysis (the standard quarterly or 
the last three months of data available), annual analysis, new routines of risk analysis and territorial 
competitiveness as tourist destinations, and demand forecast for the main inbound source markets of Portugal 
(namely UK, Germany, the Netherlands and Portugal). 
 
Considering a necessary consistent methodology for the 7 destinations, supported by the use of official data from 
national and international sources, as Portugal Statistics, Bank of Portugal, Portuguese Airports, Algarve Golf, 
Eurostat or in a future development for January 2009 the Cruise Ship Movements at Portuguese Ports, among 
others sources, the report for each region is valid as a specific research and forecast, and also as a comparable 
instrument of analysis with the other regions and overall contribution of Portugal as a destination. 
 
IMPACTUR development and evolution for the Portuguese case represents a dynamic process, producing a 
scientific output which looks to offer to the industry and research a source of information useful, with a medium 
term analysis developmentally complex yet linearly interpretable. 
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INTRODUCTION 
 
IMPACTUR results from a partnership between the Portuguese Tourism Board (Turismo de 
Portugal, IP) and the University of Algarve/International Centre of Territory and Tourism 
Research with the aim of promoting online region-based knowledge, interpretation and 
projection of the main tourist supply and demand variables in Portugal, through the use of 
new information and management technology resources as support tools to planning and 
decision processes in tourism.  
 

Based on the recommendations of the United Nations World Tourism Organisation, 
models of competitiveness in tourism and models of forecast in tourism it is possible to 
present a model with updated data that could be complemented with more additional 
information through the development of the study, and to consult statistic information 
analysed with the focus on the evolution of the activity.  
 

The reports are available in an on line system, and permits to consult the classical 
quarterly analysis, a variable quarterly analysis (with the last three months of available data) 
and the annual report. It comprehends a series of homologous variations of data analysis 
regarded to official sources, which covers the hospitality figures, airport movements, golf and 
macroeconomic figures. This system is prepared to be improved with other analysis as soon 
as the information of input will be consistent and regularly updated. 
 
 
USERS PROFILE 
 
The development of IMPACTUR is positioned in accordance with the different searches that 
have marked the identification of the target segments and respective information 
requirements. From a quick glance over the figures for the trimester or the front-page 
headlines, to the in-depth identification of sources, calculations and available options in the 
methodology report, IMPACTUR offers different levels of usefulness of the said information 
for the following users: 
 

• Education and research; 
• The business sector, including the hotel industry, travel agencies, food and 

beverage, entertainment, rent-a-car and others; 
• Public administration bodies; 
• Media. 

 
Currently, in a universe of about 30.000 visits of registered and non-registered users 

between October 11th 2006 and 26th of July 2008, the IMPACTUR verify a total of 148,000 
page views, an average of 4.85 page views by access. The majority of the accesses is made 
through the site of Portugal Tourism Board, (67,7%), followed by direct access (16,5%) to the 
domain www.impactur.pt and finally through Google search (15,7%)4. 

 
Selecting a sample between 29th October 2007 and 31st July 2008 (date of the new 

account URL) and considering the voluntary on-line registration process, which allows 
receiving the synthesis report analysis, we analyse 818 individuals for the profile of the user. 
The data reveals that the three main activities of the registered users in this period are the 
Higher Education with 34.5%, which included researchers, university lecturers and university 
students; the entrepreneurial sector with 22.6% integrated travel agencies, hospitality, 
catering, entertainment and rent-a-car and, finally, the Public Administration with 14.0%. 

 

                                                      
4 This numbers are related to the period of 29th October 2007 to 05th September 2008. 
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GRAPHIC 1 – MAIN ACTIVITIES OF THE USERS REGISTERED IN IMPACTUR 
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Source: www.impactur.pt 

 
The qualifications of the users are mostly at the superior level with 89.9% of the 

registered users with an academic degree. The regions of provenience are mostly 
regions/cities of medium and large dimension of Portugal in terms of inhabitants (Lisbon and 
the North of Portugal). 
 

GRAPHIC 2 – QUALIFICATIONS OF THE USERS REGISTERED IN IMPACTUR 
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Those users opted mainly for an individual registration, 69.5% overall. In addition with 

the large framework of data and analysis available at the different reports, the users when 
accessing the IMPACTUR they also seek the methodological questions present at the 
Methodology link (forecasting, quarterly progress report, fixed quarterly report and annual 
report), revealing an exigency and knowledge which encourage the rigour of IMPACTUR. 
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These are the publics that benefit from online access and regular updating of the 
different variables and indicators per region, starting, for example, with the current behaviour 
and compared evolution of the five main domestic and foreign outbound markets in respect 
of room nights for each NUT II. The vast range of aspects, sequential options and different 
levels of detail also include the relative weight of disembarking passengers in accordance 
with the ten main NUT II departure airports on the mainland equipped with this infrastructure, 
the comparison of RevPAR for each NUT II against the national average and a module that 
allows for forecasts to be made in respect of Madeira, Lisbon and the Algarve. 
 
 
REPORTS AND ANALYSIS 
 
A common structure for each region monitoring 
 
As mentioned, IMPACTUR is based on a process of technologically complex production 
orientated for use and communication in fluent, updated, territorially specialised electronic 
format. IMPACTUR’s specific software meets the needs of duly referenced primary input 
sources such as the Portuguese Tourism Board, the National Institute for Statistics, the Bank 
of Portugal, ANA-Aeroportos de Portugal, SA, EUROSTAT and the Organisation for 
Economic Co-Operation and Development (OCDE), among others. 
 

Following codification, validation and treatment of the information, analysis is carried 
out and a series of outputs (individual reports) is issued per NUT II and for Portugal as a 
whole, organised in accordance with the following contents, and accessible via IMPACTUR’s 
main menu. 
 

FIGURE 1 – IMPACTUR REGIONS AND MAIN REPORT OPTIONS 
 

 
Source: www.impactur.pt 

 
Users can access the following information: 
 
• Latest data: a range of information covering the last three available months 

(updated monthly); 
 
• Quarterly analysis: a range of information covering the closest classic quarter, 

including risk and competitiveness analysis; 
 

• Annual analysis: a range of information covering the previous year, including 
analysis of risk, competitiveness and seasonal aspects; 

 
• Forecast: 12-month forecast on the behaviour of the main markets per region 

NUT II; 
 

• Historical data: access to previous reports relation to past periods. 
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Each of these reports presents a base series of between ten and twelve monitoring 
graphs featuring a range of key numbers, variables and indexes on the evolution of the 
sector’s behaviour. 
 

FIGURE 2 - EXAMPLE OF GRAPHS 3 AND 4 FOR ALGARVE 2ND QUARTER 2008 REPORT 
 

 
Source: www.impactur.pt 

 
The monitoring includes analysis routines covering lodging, airport movement, golf 

(Algarve), risk, competitiveness, the weight of travel and tourism in the balance of payments 
and exports (Portugal), among other business-related aspects such as the RevPAR and 
productivity per worker. For reasons of econometric consistency, the forecast option is only 
available for the regions of Lisbon, the Algarve and Madeira. 
 
 
Reference to competitiveness index monitoring 
 
Specifically in respect of the competitiveness analysis, available for quarterly and annual 
reports, the methodology used by IMPACTUR covers four axes of analysis. Each axis 
corresponds to an indicator with one or more variable as input. It should be noted that this 
analysis of competitiveness centres on the hotel industry as a statistical sector’s proxy, with 
hotel establishment being understood to mean the tourist enterprise (establishment) intended 
to provide paid lodging and other accessory or support services. It refers to following types of 
lodging: hotels, aparthotels, motels, pousadas, rural hotels and, for statistical purposes, 
holiday complexes and self-catering apartments have been included (Statistics Portugal).  
 

The first axis, “Occupancy bed rate”5 in lodgings, assumes that rates closer to the 
maximum area are considered to represent greater destination competitiveness. It allows for 
the evaluation of the average lodging capacity used during the reference period. Is 
framework is as follows. 

                                                      
5 Corresponds to the relation between the number of overnight stays and the number of available bed-places the 
reference period, considering twin beds as two individual beds, with two bed-places corresponding to twin beds 
(Statistics, Portugal). 
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TABLE 1 - COMPETITIVENESS ANALYSIS, AXIS 1: OCCUPANCY BED RATE 
 

 Variable 1: Occupancy Rate 
Unit: % 

Disaggregation: NUT II 
Data: Source: Survey on lodgings and other hotel industry data. General 

Tourism Board 
 Periodicity: Monthly   
 Availability: Approximately 8 weeks following reference period 

Indicator Methodology 
Calculation for 

each NUT II: ( ) ( )
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monthmonthmonthmonth
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where TO represents the estimate of the bed occupancy of the set of lodging 
establishments in each NUT II 

Figure 
Conversion: 

Assuming the maximum and minimum value of the indicator found in the year 
under analysis, the conversion to a 0-1 scale relativises the value of the 
indicator for NUT II as a function of its approximation to the minimum value of 
the set for NUT II. 

Limitations: Does not include guesthouses, second homes, or other forms of existing 
accommodation. 

Observations: The variables are corrected at the end of each year using consolidated data. 
 

 
Source: www.impactur.pt 

 
The second axis, “Diversity of Source Markets” quantifies the percentage of overnight 

stays6 for the region NUT II generated by the set of countries of residence except the main 
three; it is considered that the progressive and relatively increasing diversification of markets 
represents a signal of competitiveness of the destination.  
 
TABLE 2 - COMPETITIVENESS ANALYSIS, AXIS 2: OVERNIGHT STAYS ACCORDING TO COUNTRY OF 

RESIDENCE 
 

 Variable 1: Overnight stays according to country of residence  
Unit: Nights 

Disaggregation: NUT II 
Data: Source: Survey on overnight stays of guests and other hotel industry data 

– Instituto Nacional de Estatística, Portugal. 
 Periodicity: Monthly  
 Availability: Seven weeks following reference period. 

Indicator Methodology 
Calculation for 

each NUT II: 
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where DP1,2,3 represents the overnight stays in lodging establishments in each NUT 
II for the three main coutries of residence, D the overnight stays in lodging 
establishments in each NUT II in the set of countries of residence and i=1,… n 
categories of lodging establishments. 

Figure 
Conversion: 

Assuming the maximum and minimum value of the indicator found in the year 
under analysis, the conversion to a 0-1 scale relativises the value of the indicator 
for NUT II as a function of its approximation to the minimum value of the set for 
NUT II. 

Limitations: Does not include Tourism in Rural Spaces or in other forms of existing 
accommodation.  

Observations: In addition to its intrinsic interest, this indicator may and will be used in 
constructing other indicators 

  
Source: www.impactur.pt 

 
The third axis, “Revenue per Available Room – RevPAR”, represents the average 

revenue per room of reference year and previous years; it is considered that a progressive 
and relatively increasing RevPAR value for the enterprise performance of the sector 
                                                      
6 Describes each night each guest spends in lodging offering accommodation services calculated on a 24-hour 
basis between 12 noon one day and 12 noon the following day. A person is considered a local resident if he or 
she: a) has lived in the country for the most part of the previous year (12 months) or, b) has lived in the country 
for a shorter period of time but looks to return within 12 months, with the intent of setting up permanent 
residence in the country (Statistics, Portugal). 
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represents a signal of competitiveness of the destination. As data input it uses two variables: 
Room Revenue per Lodging which represents cost per night per guest at lodgings, and the 
Accommodation Capacity per Lodging which assumes the maximum capacity number of 
guests at a given time or period, based on the available number of bed-places, with two bed-
places representing twin beds. Closed establishments are not considered.  
 

TABLE 3 - COMPETITIVENESS ANALYSIS, AXIS 3: REVENUE PER AVAILABLE ROOM 
 

 Variable 1: Room Revenue per Lodging 
Unit: Euros  

Disaggregation: NUT II  
   

Data: Source: Survey of overnight stays of guests and other hotel industry data 
– Instituto Nacional de Estatística, Portugal. 

 Periodicity: Monthly 
Variable 2: Accommodation Capacity per Lodging 

Unit: Absolute no. (bed-places) 
Disaggregation: NUT II 

Data: Source: Survey on overnight stays of guests and other hotel 
industry data – Instituto Nacional de Estatística, Portugal. 

 Periodicity: Monthly 
 Availability: Despite monthly data collection, data is made available six 

months following reference period. 
Indicator Methodology 

Calculation for 
each NUT II: 
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With PA representing the room revenue in lodgings for each NUT II, Qd the 
accommodation capacity in terms of bed-places for each NUT II and i=1,… n type 
of lodging. 

Limitations: The number of bed-places are estimated of the previous year given lack of 
current monthly data. 

Observations: In addition to its intrinsic interest, this indicator may and will be used in 
constructing other indicators. It’s analysis along the time allows the observation 
of the market regarding the offer and demand behaviour. 

 
 

Source: www.impactur.pt 
 

The forth axis, “Annual average growth rate of demand”, characterize the average 
annual growth of overnight stays in the last three years; progressively increasing growth 
rates are considered to represent destination competitiveness. Lodging is a tourist 
accommodation establishment offering, on a fee basis, accommodation services and the 
provision of other ancillary or support services, which may or may not include meals 
(Statistics, Portugal). 
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TABLE 4 - COMPETITIVENESS ANALYSIS, AXIS 4: ANNUAL AVERAGE GROWTH RATE OF DEMAND 
 

Variable 1: Overnight stays 
Unit: Nights  

Disaggregation: NUT II 
Data: Source: Survey on overnight stays of guests and other hotel industry data 

– Instituto Nacional de Estatística, Portugal. 
 Periodicity: Monthly  
 Availability: Seven weeks following reference period. 

 
Calculation for 

each NUT II: 
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where D represents the overnight stays in lodging establishments in each NUT II 
and t, t-2 the quarter and corresponding quarter lagged two years. 

Figure 
Conversion: 

Assuming the maximum and minimum value of the indicator found in the year 
under analysis, the conversion to a 0-1 scale relativises the value of the indicator 
for NUT II as a function of its approximation to the minimum value of the set for 
NUT II. 

Limitations: Does not include guesthouses, second homes, or other forms of existing 
accommodation. 

Observations: The variables are corrected at the end of each year using consolidated data. 
 

 
Source: www.impactur.pt 

 
Following calculation of each axis, each variable must be submitted to a transformation 

process so that it can be read on a scale of 0 to 1, corresponding to the minimum and 
maximum values of the totality of Portuguese regions. The process thus ensures that each 
region is positioned in accordance with the level of its performance on a national scale, with 
zero being applied to the region with the lowest figure in this variable and one to the region 
with the highest figure. All intermediate results are recorded at an appropriate distance from 
either extremity. 
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FIGURE 3 - EXAMPLE OF COMPETITIVENESS ANALYSIS FOR MADEIRA, ANNUAL 2007 REPORT 
 

 
 

Source: www.impactur.pt 
 

One imitation factor in the choice of variables was the availability of data. The data 
used comes from various sources – the Bank of Portugal, The Portuguese Tourism Board, 
the National Institute for Statistics, ANA – Aeroportos de Portugal S.A. and the University of 
the Algarve, resulting in an added challenge since the data provided by the different bodies is 
not always standardised. 
 

IMPACTUR’s initial competitiveness assessment project was based on the study 
presented by the International Centre of Studies on the Tourist Economy (CISET), which, in 
its work on the Canary Islands, used seven indicators to assess competitiveness. This model 
could have been wholly adapted to Portugal had it not been for limitations in respect of 
methodology and data availability. Three of the seven suggested indicators are identical to 
those used by IMPACTUR, namely the composition of demand by origin (market 
diversification), accommodation occupancy rates and the average growth of demand. The 
CPI/TPI Consumer Price Index/Tourism Price Index) axis, which expresses the ratio between 
consumer price indexes and tourism price indexes, was replaced, since the data for Portugal 
could not be edited in timely fashion, leading to the use of the RevPAR for axis three. The 
three remaining axes proposed in the CISET methodology (composition of demand by 
purpose, seasonal distribution of room nights and the economic role of tourism) could not be 
created for reasons involving operationality and monthly maintenance. 

 
It was not possible to adapt further variables to this project in view of the fact that the 

necessary statistics do not always exist. A vast database would be required to adapt the 
methodology proposed by Ritchie and Crouch (2000) or Dwyer and Kim (2003), since these 
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propose indicators that are not directly connected to tourism and often cannot be measured. 
However, a number of points of contact do exist between the methodologies mentioned and 
IMPACTUR’s competitiveness analysis, and these are presented in Table 5. 
 

In the Ritchie and Crouch model, for example, the four indicators are addressed in the 
most recent component: policy, planning and development of the destination. In particular, this 
component addresses the economic and social level, proposing objectives to be achieved for 
tourism development. Two categories stand out in this component: development, and 
monitoring and assessment, in which the four competitiveness variables can be inserted. 
 

TABLE 5 – POINTS OF CONTACT BETWEEN THE METHODOLOGIES 
 

 
IMPACTUR 2006 

RITCHIE E 
CROUCH MODEL 

(2000) 

DWYER AND KIM 
MODEL (2003) 

GOOROOCHRUN 
AND SUGIYARTO 
MODEL (2004) 

OCCUPANCY 
RATES 

Destination 
Policies, 

Planning and 
Development 
(Monitoring & 
Evaluation) 

Market 
Performance 

Indicators (visitor 
statistics) 

- 

MARKET 
DIVERSIFICATION 

Destination 
Policies, 

Planning and 
Development 
(Monitoring & 
Evaluation) 

- - 

REVPAR 

Destination 
Policies, 

Planning and 
Development 
(Monitoring & 
Evaluation) 

Situational 
Conditions (Price 
Competitiveness) 

Price Indicator 
(Hotel Price) 

AVERAGE ANNUAL 
GROWTH IN 

DEMAND 

Destination 
Policies, 

Planning and 
Development 
(Monitoring & 
Evaluation) 

Market 
Performance 

Indicators (visitor 
statistics) 

- 

  
Source: Own Authors 

 
Kim and Dwyer (2003) also propose indicators in their model that have been adopted 

by IMPACTUR. The Market Performance Indicators category includes, among others, visitor 
statistics that suggest ascertaining the number of foreign visitors, the growth rate of demand 
and the average length of stay. The similarity between the variables is clearly visible and only 
the RevPAR is included under another component. The situational conditions encompass a 
category entitled price competitiveness which directly includes the rates charged by the 
accommodation establishments. Of the competitiveness models analysed, Kim and Dwyer’s 
model comes second behind CISET in terms of the highest number of points in common with 
the IMPACTUR models, since the authors suggest identical variables to those used. Lastly, 
in the model proposed by Gooroochurn and Sugiyarto (2004), the closest indicator is the 
RevPAR, entitled Price Indicator by the authors, which encompasses accommodation rates 
and purchasing power parity. 
 
 
Reference to tourism demand forecasting 
 
With the increasing number of tourists and its strategic importance, in terms of revenue and 
employment, as well as in terms of direct and indirect effects on several other economic 
sectors, tourism demand forecasting is gradually more crucial for the private and public sector 
planning. There are many options available in the literature for forecasting tourism demand.  
 

 91 



Enzo Paci Papers on Measuring the Economic Significance of Tourism (Volume 6) 
 

The forecasting section of IMPACTUR looks to explore the relations of 
complementarity between different types of forecasting models. The development and 
growing use of forecast combinations result from the fact that these present better forecast 
performance then the individual models on which the combination are based. This project is 
the first to use combining several econometric models for purposes of Tourism forecasting. 
So, the forecasting section of IMPACTUR provides a pioneering approach in forecasting 
tourism demand with considerable gains in terms of forecasting performance. 
 

The process adopted implies at least three stages: in a first stage, analysis of time 
series properties (to the modelling possibilities, see, inter alia, Gouveia and Rodrigues, 
2005); in a second stage a performance study of individual models and methodologies for 
combining forecasts; and finally, based on the results of this stage, the use of models or 
combinations that lead to better performance. 
 

In creating individual models, the number of nights spent by tourists in lodgings of main 
source markets (data obtained from the National Institute of Statistics in Portugal) is used as 
a proxy for tourist demand. On the other hand, and because of existing causal relationships 
between economic activity and tourist demand, macroeconomic variables are taken from the 
Organisation of Economic Cooperation and Development (OECD) (such as Internal 
Expenditure, Gross Domestic Product – GDP, the Industrial Production Index) and 
EUROSTAT (Euro-Sterling exchange rate) 
 

In order to ensure that the combination methodologies present reasonable performance 
in terms of forecasting, different types of models that capture different realities are proposed. In 
this context, Autoregressive Moving Average (ARMA), Autoregressive (AR), Autoregressive 
Distributed Lag (ADL) models are used. For the later case, besides locking to explain tourism 
demand variables based on previous values, we look to address the causal relations in terms 
of relevant macroeconomic variables (e.g. GDP, Private consumption, Industrial production 
Index, Composite Leading Indicator, exchage rates,etc). Also, the specific nature of tourism 
series enables the introduction of more complex non-linear models and more recent 
developments in the econometric literature, as is the case of Periodic Autoregressive (PAR) 
and Threshold Autoregresive (TAR) models. For an exhaustive discussion of these type of 
models see, inter alia, Hamilton (1994), Franses (1996) and Franses and van Dijk (2001). 
 

In these models the use of the lag selection approach suggested by Rodrigues and 
Gouveia (2004) and the application of a principle of parsimony with adequately specified 
models is ideal, in order to ensure that the models used display a good forecast performance. 
The order of the models was determined following a general-to-specific procedure in which it 
was essential that the models considered were free from autocorelation. 

 
Since the early work of Bates and Granger (1969), several methods have been 

developed for combining forecasts. Since time series models are simplifications of complicated 
processes that are imperfectly understood, single models are typically incomplete 
representations of a data generation process (DGP). Hence, combinations of forecasts from 
different models, which may provide complementary information about the DGP, can assist in 
the approximation of the DGP. In practice, such combinations are often found to outperform 
forecasts produced by a single model. Combining forecasts, as introduced by Bates and 
Granger (1969), has often been found to improve forecast accuracy compared with using an 
individual forecasting method. The effectiveness of simple averaging is demonstrated by, 
among others, Bates and Granger (1969), Granger and Newbold (1977) and Granger and 
Ramanathan (1984), while other articles demonstrate the usefulness of other approaches to 
combining multiple individual forecasts; see, inter alia, Armstrong (1989, 2001); Clemen 
(1989), Diebold and Lopez (1996), Hendry and Clements (2002), Markridakis et al. (1982), 
Newbold and Harvey (2002), Stock and Watson (1999), Terui and van Dijk (2002). 
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The support methodology for IMPACTUR’s forecasting section is essentially based on 
the following forecast combination methodologies: 
 

• Weight of each model inversely dependent of the past forecast performance (see, 
inter alia, Stock and Watson, 2003);  

 
• Regression model where regressors are based on models with better 

performance in terms of forecasting throughout a window of forecasts (of m 
observations);   

 
• Average and Median of individual models.  

 
In assessing the performance of each model in terms of forecasting,  m+m2+h 

observations are considered, were m and m2 representing the dimensions of the forecasting 
windows for the individual models and the forecasting methodologies and h representing the 
temporal forecasting horizon. In this way, it is possible to sequentially assess and compare m 
times the h periods ahead of each of the individual models, thus determining the weight of each 
model at the combination methodological level (see, inter alia, Franses and van Dijk, 2000).    
 

In other words, the forecasting capacity of one model for a horizon of h periods can in 
this way be tested for the previous years [m/12]. After examining individual models and 
establishing the ranking of the best forecasting methodologies, the forecasting combination 
methodologies and individual models are compared sequentially m2 times, and h periods 
forward in time. 
 

Although many measures of forecast accuracy are available, we follow much of the 

literature in basing our evaluation on the Root Mean Squared Prediction Error RMSPE .  
 

The Comparing forecast performance methodology used in IMPACTUR follow the 
Gouveia, Osborn and Rodrigues (2006). 
 

The forecasting results are presented in IMPACTUR site as follow: 
 

TABLE 6 – EXAMPLE OF IMPACTUR FORECASTING REPORT 
 

Total - Forecasts according to Source Market
Average Growth Rate of Overnight Stays(1) Total UK Germany Netherlands Ireland Portugal Spain

June 2008 to June 2009
Upper limit(2) 3.3%    3.3%    0.3%    7.3%    7.0%    
Lower limit(2) -1.0%    -2.2%    -7.3%    -5.4%    -1.9%    
Sign of growth + + - + +
Comparison with corresponding period

Type of growth(3) + – – + +
Quality of Forecast(4)

Previous behaviour 
June 2006 to June 2007 4.9%    2.1%    0.6%    3.0%    21.2%    5.3%    14.3%    
June 2007 to June 2008 4.9%    2.9%    -2.9%    6.7%    4.5%    3.1%    5.8%    
Average Growth in last 5 years 3.3%    0.2%    -0.6%    2.1%    5.5%    4.1%    9.5%    

Quality of Forecasts
Poor
Low + Accelerated growth
Reasonable + Decelerated growth
Good – Recovery decrease
Very Good – Aggravated decrease

(1)Average of last 12 corresponding rates.  (2) Lower and Upper limits of a 75% confidence interval.  The range of this interval reflects data variability.

(3) By behavioural comparison of corresponding period.  (4) Quality of point forecast.

– –

+ +

– –

+ +

 
Source: www.impactur.pt 
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The forecasts for the average growth rate of lodgings per source market are presented at 
a 75% confidence interval and result from a combination of econometric models. The results 
reflect, in part, the evolution of macroeconomic variables of source markets and can constitute, 
though with some caution, an indication of the tourism demand behaviour for the 12-month 
horizon following the last available data. Aspects such as the high variability of the series in 
levels, the presence of variables that influence the evolution of tourism demand and which are 
not quantitatively and/or modelling susceptible and, the possible occurrence of unexpected 
events, show that the use of these results complement other types and sources of information.    
 

Given the uncertainty of future events (that is, uncertainty of forecasting errors), the 
confidence intervals for forecasts at 95% (degree of confidence that corresponds to the 5% 
significance level commonly used) presents an amplitude of such high order that would limit 
its use. In this context, oftentimes, at the application level, using more restricted confidence 
levels than 95%, namely confidence levels with +/- deviation pattern amplitude, which 
corresponds to a confidence degree of 68%, for the case of normally distributed errors (see, 
inter alia, Stock and Watson, 2003). In the case of IMPACTUR’s forecasting component, the 
option for a confidence interval of 75% looks to find a compromise between the precision of 
the forecasts and the limitations that arise from high variability of the series of tourism 
demand and the social nature of the phenomenon under review.  

 
The type of growth is expressed as follow, 

+ Accelerated growth

+ Decelerated growth

– Recovery decrease

– Aggravated decrease
 

The forecasting results can be also compared with previous behaviour and average 
growth in last five years.  
 

In order to set up an easily interpretable indicator for any user of IMPACTUR’s 
forecasting component, the mean absolute percentage error [represented by expression iii)] 
is classified into intervals of qualitative significance:  
 

TABLE 7 – INTERVALS OF QUALITATIVE SIGNIFICANCE OF IMPACTUR FORECASTING REPORT 
 

Greater than 10%  Poor 
Between 6.5 e 10%  Low 
Between 4.5 e 6.5%  Reasonable 
Between 3.5 e 4.5%  Good 
Less than 3.5%  Very Good  

Source: www.impactur.pt 
 

The specific nature of tourist demand series and in particular the high variability that 
these hold in some source markets and/or regions throughout the period considered or at 
certain moments, conditions the modelling process and in some cases undermines the 
quality of forecasts. Under this framework and for forecasting purposes, tourist demand 
series exhibiting better behaviour among the main source markets are chosen (reasonable, 
good and very good). 
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CONCLUSIONS 
 
The IMPACTUR model, adapted to all the NUTS II regions in Portugal, benefits the country’s 
tourism and it is entirely possible that it could enrich its work by applying its methodology to 
regions outside Portugal, namely regions which compete with Portuguese tourist 
destinations, such as Andalusia, Canary or Balearic Islands and Madrid in the case of city 
destinations. It would thus be possible to establish a pattern of compared competitiveness 
between the regions in an international context over a common territory. 
 

Making its appearance in the 1980s through the Porter theory and later developed from 
the point of view of tourism by Ritchie and Crouch in the 1990s, competitiveness is a 
relatively recent object of study. Despite the fact that the proposed methodologies are fairly 
complex and comprehensive, fruit of tourism’s multi-dimensional nature, a number of 
restrictions and limitations are encountered when seeking to adapt them to different 
destinations. The lack of measurable and comparable indicators between different competitor 
destinations and even between different regions at national level means that statistical 
procedures need to be adjusted and those that could be put into operation centralised, 
simultaneously making reference to the necessary investment in areas in which this is 
insufficient. This article seeks to propose a methodology based on a system of on line 
access that analysis several indicators/flows of visitors for the tourism destinations of 
Portugal and regions, competitiveness analysis indicators and demand forecast. Its 
operationally seeks to generate bases from which it will be possible, at a later stage, to move 
towards the analysis of competitor destinations in different countries. 
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